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Hi Peter, --- Codeine 15mg -- 30 for $203.70 -
- VISA Only!! --

With Jose out of town, do you want to

meet once in a while to keep things -- Codeine (Methylmorphine) is a

going and do some interesting stuff? narcotic (opioid) pain reliever
-- We have 15mg & 30mg pills --

Let me know 30/15mg for $203.70 - 60/15mg for

Eugene $385.80 - 90/15mg for $562.50 --
VISA Only!! ---

>>> import bayes

>>> bayes.spamTest()

classification error ['home', 'based’, 'business’, 'opportunity’, 'knocking', 'your', 'door’, 'don’,
'rude’, 'and’, 'let!, 'this', 'chance’, 'you', 'can’, 'earn’, 'great’, 'income’, 'and’, 'find’, 'your,
'financial’, 'life', 'transformed’, 'learn’, 'more’, 'here’, 'your', 'success’, 'work’, 'from’, 'home’,
'finder', 'experts']

the error rate is: 0.1

(S2H LB TINZEENDTBELRE D IZHERICIRD)
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def spamTest():
(B% : 7 —HDFHRAHAHRE)
vocabList = createVocabList(docList) #create vocabulary
trainingSet = range(50); testSet=[] #create test set
for i in range(10):
randIndex = int(random.uniform(0,len(trainingSet))) #>>4FAIC109>T)L%ZF X MRIESN
testSet.append(trainingSet[randIndex])
del(trainingSet[randIndex])
trainMat=[]; trainClasses = []
for docIndex in trainingSet: #train the classifier (get probs) trainNBO
trainMat.append(bagOfWords2VecMN(vocabList, docList[docIndex]))
trainClasses.append(classList[docIndex])
pOV,plV,pSpam = trainNBO(array(trainMat),array(trainClasses))
errorCount = 0
for docIndex in testSet: #classify the remaining items
wordVector = bagOfWords2VecMN(vocabList, docList[docIndex])
if classifyNB(array(wordVector),p0V,p1V,pSpam) != classList[docIndex]:
errorCount +=1
print "classification error",docList[docIndex]
print 'the error rate is: ', float(errorCount)/len(testSet)
#return vocabList,fullText

19



O = — W
ZUAVAY:: 7
def trainNBO(trainMatrix,trainCategory): # 2 05 AEBIHRITE
numTrainDocs = len(trainMatrix)
numWords = len(trainMatrix[0])
pAbusive = sum(trainCategory)/float(numTrainDocs) # )X —)LODSERIHESR
PONum = ones(numWords); p1Num = ones(numWords) #change to ones()
pODenom = 2.0; p1Denom = 2.0 #change to 2.0
for i in range(numTrainDocs): #/75XAC E(CEHFBOER LT M TEHRETE
if trainCategory[i] == 1:
p1Num += trainMatrix[i]
plDenom += sum(trainMatrix[i])
else:
pONum += trainMatrix[i]
pODenom += sum(trainMatrix[i])
plVect = log(p1Num/p1Denom) #change to log()
pOVect = log(pONum/p0ODenom) #change to log()
return pOVect,p1Vect,pAbusive

def classifyNB(vec2Classify, pOVec, p1Vec, pClassl): # 2 05 BN EITE
pl = sum(vec2Classify * p1Vec) + log(pClassl) #element-wise mult
p0 = sum(vec2Classify * pOVec) + log(1.0 - pClassl)
if p1 > pO0:
return 1
else:
return O
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 Human Activity Recognition Using Smartphones
Sensor Data

Davide Anguita, Alessandro Ghio, Luca Oneto, Xavier Parra and Jorge L. Reyes-Ortiz. Human Activity
Recognition on Smartphones using a Multiclass Hardware-Friendly Support Vector Machine. International
Workshop of Ambient Assisted Living (IWAAL 2012). Vitoria-Gasteiz, Spain. Dec 2012.
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http://classmethod.s3.amazonaws.com/wp-
content/uploads/2012/06/gyrocompass.png 21
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Bagging (Bootstrap Aggregating)
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Boosting

« BEDITERER IR L (CFE
s TNEXTICFE UG HBIGRN DR DA TSR
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o RBI(C, SO DEFRE TEMMIF UITiERZH

» Baggingk DB XU iEBITMHREZ R C ENZEL)

» AdaBoost(Adaptive boosting) EIFENDFEN
O —fixHY

* Y. Freund and R. E. Schapire. "A Decision-Theoretic Generalization of
on-Line Learning and an Application to Boosting", 1995.

32



AdaBoost

o 59aaknllan T )IE 4 (

ATFwvT1

(@)
® o
!.!_.

O]

e e
% O]
A

x X ...

x X @ _ O
X X (@)

X X @

(@)

~

X

X

X X x x @

— A4 5]

B8

AFwvT?2

Gl ES

1
.I
©} Q1
0o © o
1
.X____..__._._.__
x X X100 4
- -x-----_‘--T_
x X °
X X7 % x e
1 (@]
XX X X 2 33




AdaBoostdJ7)L 1Y X I
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5) Viola-Jones MEE:HBIIZILT Y X I

» P. Viola and M. Jones, “Rapid Object Detection using a Boosted
Cascade of Simple Features”, 2001.

» Haar-like$¥1e & AdaBoostZ= |
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Processing
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Decision Stump (CREKRTDEEZR) = 59585288 & 9 DAdaBoost

>>> import adaboost

>>> datArr,labelArr = adaboost.loadDataSet('horseColicTraining2.txt")
>>> classifierArray,aggClassEst

>>> adaboost.adaBoostTrainDS(datArr,labelArr,10) #555525D%X
>>> testArr,testLabelArr = adaboost.loadDataSet('horseColicTest2.txt")
>>> prediction10 = adaboost.adaClassify(testArr,classifierArray)

# weak Training error Testing error
classifiers

1 0.28 0.27
10 0.23 0.24
50 0.19 0.21
100 0.19 0.22
500 0.16 0.25

1000 0.14 0.31
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